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» Pattern Recognition : by C, Bishop
automatic discovery of regularities in data through
the use of computer algorithms

* Machine Learning : www,sas.com
a method of data analysis that automates analytical
model building.
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http://users.isr.ist.utl.pt/%7Ewurmd/Livros/school/Bishop%20-%20Pattern%20Recognition%20And%20Machine%20Learning%20-%20Springer%20%202006.pdf
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ML model : y = a sin(x)+b
a=0.7702, b =-0.3022
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